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Distributed Partially Observable Markov Decision Process (Dis-POMDP) is a popular approach for modeling
multi-agent systems acting in uncertain domains. In particular, Networked Distributed POMDP (ND-POMDP)
can handle large-scale problems by utilizing the locality in agents’ interaction. However, the size of a local policy
grows exponentially for the length of the policy. To overcome this problem, we introduce on-line communication
among agents, i.e., agents periodically communicate their observation/action history with each other. After a

communication phase, agents can start from a new synchronized belief state.

Also, we introduce a technique

similar to point-based value iteration to use a fixed number of synchronized belief belief states. As a result, we
can use a set of small, fixed size policies instead of a single huge policy with an exponential size. Our experimental
results show that we can obtain much longer policies than existing algorithms as long as the interval between

communications is small.
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