The 22nd Annual Conference of the Japanese Society for Artificial Intelligence, 2008

2J1-1

BHES B LT B 8/ fass

Classifying Paintings Utilizing Complexity of Segments
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It has become popular to search the Internet or local databases for images. Meta information is commonly used in
such image searches. It is, though, difficult and costly to annotate images with meta information that may describe their
contents, which is also true in searching for paintings. As an important step for the content-based painting searching, we
propose a method to classify paintings based on features expressing complexity of segments in them. We evaluated the

method on scanned images of some popular paintings.
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