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A Discriminative Learning Method for Japanese Coordinate Phrase based on Sequence Alignment
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We explore the effective features that can be used with Shimbo and Hara’s learning method for coordinations, in
the task of Japanese coordinate structure analysis. Unlike their preliminary experiments which used only minimal
features, we introduce more realistic features based on external resources for collocations and a thesaurus and
propose efficient feature decomposition based on the distance between conjuncts. We also make modification to
the label set used in the model, which is necessary for bunsetsu based Japanese processing. In an experiment with
the Kyoto Text Corpus, we obtain performance exceeding that of the rule-based KNP parser, corroborating the
effectiveness of the new features and the discriminative learning approach for coordinate structure analysis.
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