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Reinterpretation of Subsequence Time-series Clustering Based on Moving Average

o0 oo
Miho Ohsaki

oo d

Shigeru Katagiri

g od

Sumie Dan

gobod obbo obbbooooobobod

Department of Information Systems Design, Faculty of Science and Engineering, Doshisha University

Subsequence time-series clustering (STSC) using a one-step sliding window and the k-means algorithm has a
serious problem that it generates sinusoidal meaningless patterns. We discuss the similarity between STSC and
moving average and examine the evidence of similarity through formulation and experiment. The results indicate

that STSC works as a lowpass filter.
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