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This paper presents a data mining method of association rules from time series databases. The usual association
rules are extracted by investigating co-occurence patterns of items in a transaction. This direct approach, however,
cannot applicable in the case of time series database. There could be many different co-occurence patterns of items
in a typical time series database. Thus we often fail to find useful patterns because of minor differences. In order
to solve this problem, we identify, by discarding unessential features, a set of similar items as an abstract item.

This identification process is carried out based on DP matching with similarity measures.
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