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Sequential Learning Action Generation Model Based on Change in Sensory Pattern
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In this paper, we propose a sequential learning model that can generate behaviors for successfully performing

various tasks.

The model generates the actions based on change in sensory pattern.

The model updates the

memorized relationships between changes in sensory information and a motor command through sequential learning.
We confirmed the performance of the model by applying it to a mobile robot. The results indicate that suitable
behaviors for all the tasks emerged by the sequential learning.
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0 1: Mechanism of emergent behaviors.
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O 2: (a) Mobile robot. (b) Course.
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O 3: Trajectory of the robot (collision-avoidance).

0 4: Trajectory of the robot (wall-following).
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O 5: Snapshots of the collision avoidance behavior gener-
ated by the real robot.
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