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Ranking Entities on the Web using Social Network Mining and Ranking Learning
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Social networks have garnered much attention recently. Several studies have been undertaken to extract social
networks among people, companies, and so on automatically from the web. In social sciences, social networks are
used to analyze the performances and values of companies. This paper describes an attempt to learn ranking of
named entities from a social network that has been mined from the web. For example, if we seek to rank companies,
we can extract the social network of the company from the web and discern and subsequently learn a ranking model
based on the social network. Consequently, we can predict the ranking of a new company by mining the relations
to other companies. Using our algorithm, we first construct social networks using several relevance measures in
addition to text analysis. Subsequently, the relations are integrated to maximize the ranking predictability. We
also integrate several relations into a multiple relational network and use the latest ranking learning algorithm to
obtain the ranking model. In addition, the ranking scores on each network as relational feature combined with
entity. We conducted two experiments on a social network among corporations to learn the ranking of market
prices, and on a social network among researchers for ranking of researchers’ productivity.
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Cor(RE°™ R)
0.644

Cor(W - R*,R)
0.512

Cor(RP,R)
0.612

6. Conclusion
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