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Building a learning system that utilizes scaffolds
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In the future, robots are expected to support human’s work. However, it is not realistic to program all the action
into them. It therefore is imperative that they have learning ability to learn new actions through interaction with

humans and environments.

It is known that Scaffolding is effective in studying through interpersonal interactions. We can hence predict that
it is also effective in studying through human-robot interactions. However, it has not become clear: 1) whether
the scaffolding actually occurs in everyday human-robot interactions, 2) under what situations it occurs if it could
occur, and 3) how a robot can utilize the scaffolds that are given by the ordinary people.

In this work, we set up a situation that a human teaches a robot new actions, and try to clarify the three points

by experiment.
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