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Although the school grammar of English is one of the most important perspectives of the language that non-
native speakers of English require to understand in order to learn the language, there is no English corpus annotated
with the structure of school grammar. The purpose of this research is to develop a prototype of such a corpus and
describe rules to identify items of school grammar. This prototype is annotated with syntactic structure of science
grammar by hand. Since most of the items of school grammar are partially related to the syntactic information, we
can obtain the rules to identify these items in a sentence from its surface and syntactic information. Furthermore,
a machine learning method generates these rules efficiently using the prototype data in order to become efficient

at developing the above-mentioned corpus.
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