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Clustering and Visualization of Waveform Signals Reflecting Spectrum Shape using Kernel-SOM
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Waveform signals are obtained as data of sound, earthquake, and so on. Because the scale of such data is large,
the technique of Data Mining is effective. Especially, clustering and visualiztion are used to capture the entire
picture of large scale data. Recently, Self-Organizing Map(SOM) is used for clustering of spectrum data, but it
couldn’t reflect the spectrum shape because it used Euclid distance for similarity evaluation. In this paper, we
used Kernel-SOM for the spectrum data and found that Kernel-SOM using Kullback-Leibler(KL) kernel enables
clustering and visualization of waveform signals reflecting spectrum shape. We used destruction evaluation test
data of Solid Oxide Fuel Cell(SOFC) for the experiment.
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