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A Neural Network Model of Cerebral Cortex that Combines Bayesian Network, SOM, ICA and
Reinforcement Learning
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Neuroscience Research Institute, National Institute of Advanced Industrial Science and Technology(AIST)

The author is trying to achieve a breakthrough in the elucidation of information processing of the cerebral cortex,
in order to realize highly intelligent robots like human beings. The author designed a neural network model of the
cerebral cortex, called BESOM model. The neural network that executes the algorithm of the model is very similar
to six-layer and column structures that represent the anatomical characteristics of a cerebral cortex.
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