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Optimization of the Trading Method in Foreign Exchange using Genetic Algorithms
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Abstract- Since the introduction of "FX" (Foreign Exchange) as a financial product, many private investors try to get benefit
from the movements of foreign currencies. However, the prediction of these movements is said to be difficult, due to the various
causes. Then, the use of Multi-Agent Systems (MAS) is thought to be efficient, because it can simulate the cross-interactions in
the financial market. In this paper, we propose a way to optimize the foreign exchange trading, by focusing on the timing to make
an investment. We apply a Genetic Algorithm (GA) as a learning method, using some Technical Indexes as its features.
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Fig.1 Flow of the Proposed Method
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Table.3 Optimized Trading Rule (In case of EUR/JPY in 2006)
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