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Low Intelligence Model can predict the Market Liquidity
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It has been known that the model in which orders are placed or canceled randomly without considering market
information can predict the difference between ask and bid (spread). Such a model is called the zero intelligence
model (ZIM). However ZIM cannot predict the important quantity for practicians, ”Kyle’s A” which means average
price changes with a unit order. In this study, we introduce into ZIM, the properties of order arriving which we
examine by using the actual data of Tokyo stock exchange, for example, the order arriving rate depends on the
volume of the order book. We will call the model low intelligence model (LIM). Then LIM can predict Kyle’s A
which prediction is difficult by ZIM, in addition to spread.
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