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Simulated Annealing(SA) is a heuristec algorithm which is effective for combinatrial optimization problem.
However, in SA, the search history is not used for generating the next point. In this research, we propose simulated
annealing with archive-based crossover(SA/AX), which utilizes previous solutions in search. Crossover of genetic
algorithm(GA) is used for exchanging information between the current and previous solutions. Through the
numerical experiments, the effectiveness of the proposed method was shown.
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0 1: Parameters in SA/AX and SSA

y [ SA/AX | SSA |
Annealing Steps 32000 | 32000
Important Temperature [TSP/JSP] 3/15 | 3/15
Crossover Steps 100 NA
Children Num 32 NA

(NA=Not Available)
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0 2: Two methods (Sorted by error ratio)
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0 3: Two solutions
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