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In the blogosphere, users release lots of information in various topics. They also write an article about the topic
they were attracted by other weblogs with a comment or a trackback. So arguments tends to be easy to propagate.
This paper define the term that mentioned on a large scale or constantly as important topic. We assume that the
process of diffusion among weblogs consist of the power of terms and the power of bloggers. Then, we propose a
ranking algorithm for terms based on how easy it spreads. As a result, we can extract not only the bursty terms

but also those that occur by degrees.
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