The 21st Annual Conference of the Japanese Society for Artificial Intelligence, 2007

3D7-3

Jobooobobouobuobogobouooooogo

User interest estimation based on a category boundary growth equation
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Previously, cross-modal computation estimated human interest robustly with eye gaze data and skin potential
level data. This estimation can be treated as a pattern categorization problem of sensory models. In this study, we
especially categorize the eye gaze data into “interest” or “no-interest” category. However, it is difficult for weighted
regression methods, such as a support vector machine (SVM), for overlapped category boundary. To avoid this
problem, we propose a boundary growth method based on Allen-Cahn type equation. The equation evolves a

boundary regarding each data point.

In addition, our previous study suggests the correlation between user interest level and a set of eye gaze models.
We quantify the relation between the two considering a category boundary.
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