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Temporal Sequence Learning using Self-Organizing Network Elements with Flip-Flop Node
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For the purpose of exploration in the universe or deep sea, the use of autonomous robot is expected. Such an
autonomous robot needs learning method to learn unexpected situations, becuase expectation of such situations is
difficult for robot creator. However, strict condition is required when we intend to use learning method in such a
robot. Against these conditions, we porposed a learning system, Self-Organizing Network Elements (SONE).

In this paper, application of SONE for learning of long term sequence including hidden state is discussed. We
introduced Flip-Flop node in SONE, and SONE could successfully learn long term temporal sequence.
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