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Human behavior analysis using positioning data
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Recently various sensing technologies e.g RFID, Image Processing allow to get the data of human behavior in real world.
However, human behavior analysis has not been practically established yet. A sensor capable to observe all behavior
anywhere doesn’t exist. A lot of money and long labor hours are required for building observation system. Therefore, the
number of researcher is relatively small. If public behavior datasets are built and opened for all researchers, more researchers
will enter to the community start and the field will grow. Strategy to describe human behavior is necessary for building the
public behavior data set. We propose “action elements” which are interpreted from outputs of the variable sensors with
knowledge such as worker’s role, job contents and floor layout. We show advantage of “action element” using two
experiments.
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