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Analysis of Gender-, Age-, and Area-Specific Trend in Blog Articles
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In this paper, we explore blog articles to understand gender-, age-, and area-specific trend as a part of blog
modernology project. We first classify blog articles into gender-, age-, and area-related classes using Naive Bayes
Classifier with two thresholding approaches, and achieve more than 20% higher accuracy than baseline approach.
Then, from the learnt models from Naive Bayes Classifier, we extract characteristic features and understand our

lifestyle from gender, age, and area point of view.
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