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We propose a text categorization system using Earth Mover’s Distance (EMD) as similarity measure between
documents. Many text categorization systems adopt the Vector Space Model and us cosine similarity as similarity
measure between documents. There is an assumption that each of words included in documents is uncorrelated
because of orthogonal vector space. However, the assumption is not desirable when a document includes a lot of
synonyms and polysemic words. The EMD does not demand the assumption because it is computed as a solution
of a transportation problem. To compute the EMD in consideration of dependency among words, we define the
distance between words, which needs to compute the EMD, using a co-occurrence frequency between the words.
We evaluate our proposing method with ModApte split of Reuters-21578 text categorization test collection and
confirm that the proposing method improves a precision rate for text categorization.
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