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Development of Web Recommendation System Using Bayesian Network
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This paper introduces an implementation for Web recommendation system using a bayesian network. Bayesian
network was used since its prediction is efficient although its calculation amount is heavy. MWST algorithm was
used for our system due to the amount of data handled. MWST algorithm gives good prediction, with a calculation

amount of O(n?). Evaluation of the system was applied using the actual data showing its efficiency.
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