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On the trend of massive sensor installation to large scale scientific, engineering and social systems for their fine
resolution and sensitive analyses, massive dimensional time series observations consisting of more than thousands
of variables have become widely available. Therefore, a HIgh order Substate Chain (HISC) model was proposed to
capture the total dynamics of a complex system underlying the data in our laboratory. However, a method to select
its appropriate model size has not been developed yet. The proposed approach indicates an appropriate model size
based on some infomation criteria named AIC and MDL, and enabled to compose Model for a HIgh-order Substate
Chain (HISC) which have high ability to accurately predict next substates. The performance of the proposed
approach is demonstrated through the modeling of synthetic and real world data.
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