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This paper describes how to generate HMM for promoter modeling using symbiotic evolution that is a kind of
GA and can keep diversity in population. We focus on mammalian histone promoters that play important roles
in chromosomal functions. Histones are broadly divided into five classes, namely H1, H2A, H2B, H3 and H4. A
motif is a nucleotide or amino-acid sequence pattern that is widespread and has a biological significance. We aim
to unveil the detailed patterns of motifs in promoter region of all five histone groups and generate HMM that is

possible to discriminate them accurately.
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