The 21st Annual Conference of the Japanese Society for Artificial Intelligence, 2007

3F7-1

Oobooooooooooooooooobo
Searching for Approximate Sub-graphs from a Large Scale Graph

o0 oo+t

Kouzou Ohara

oo ot

Takashi Washio

“0000o00ooooo

The Institute of Scientific and Industrial Research, Osaka University

Finding out given sub-graphs from a data graph is one of essential tasks when dealing with graph structured
data, although it would be hard if the data graph becomes larger. On the other hand, it might be useful to find out
sub-graphs similar to a given query graph, but not ones that exactly match it. Thus, in this paper, we propose a
method of searching for sub-graphs similar to a given query graph from a large scale data graph. For that purpose,
our method first finds out at most k vertices in the data graph for each vertex in the query graph by means of
SASH which realizes an efficient approximate k-NN query, and then constructs approximate sub-graphs from them
based on adjacence relation between vertices in the query graph. We also show results of preliminary experiments

and discuss the features of the proposed method.
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