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An objective of server consolidation is to minimize the number of destination servers that accommodate existing
servers. This minimization is a variant of the bin packing problem, where items to be packed are existing servers,
bins are destination servers, and the sizes of items are resource utilizations. We have developed for the N-dimensional
(server) packing problem an improved FFD algorithm based on the classical FFD. The classical FFD packs items
in descending order of size and adds a new bin for an item dropped from current bins. In contrast, our improved
FFD alters the order for the item dropped to be packed first and retries without adding a new bin. Experiments we
conducted with two-dimensional data showed that our algorithm was effective in reducing the number of destination
servers when the correlation between the two-dimensional data was weak or negative. The experiments and the
adequate numbers of times of the retries are presented.
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