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Textual records of business-oriented conversations between customers and agents need to be analyzed properly
to acquire useful business insights that improve productivity. For such analysis, it is critical to identify appropriate
textual segments and expressions to focus on, especially when the textual data consists of complete transcripts,
which are often lengthy and redundant. In this paper, we propose a method to identify important segments from
the conversations by looking for changes in the accuracy of a categorizer designed to separate different business
outcomes. We extract effective expressions from the important segments to define the various viewpoints. In text
mining a viewpoint defines the associations we will find and it is crutial that the correct viewpoints are identified.
We show the effectiveness of the method by using real datasets from a car rental service center.
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1: AGENT: Welcome to CarCompanyA. My name is Albert. How may |
help you?

2: CUSTOMER: Aah ok | need it from New York.

3: AGENT: For what date and time.

j-1:  AGENT: Wonderful so let me see ok mam so we have a 12 or
15 passenger van avilable on this location on those dates and

for that your estimated total for those three dates just 300.58%

this is with taxes with surcharges and with free unlimited free
milleage.

j; AGENT: That is fine.

M;-2: AGENT : Tehe confirmation number for your booking is 221
384 699.

M;-1: CUSTOMER: OK ok thanks you.

M;: AGENT: Thank you for calling CarCompanyA and you have a

great day good bye.
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pick up not picked up
seg(1,2) make, return, tomorrow, rate, check, se€
day, airport, look, want, week
assist, reservation, tonight
seg(10, 15) | number, corporate progranj, go, impala

contract, card, have,
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corporate program, contract, counter, September,
mile, rate, economy, last name,

valid driving license, BRAND NAME, driving,
telephone, midsize, tonight, use, credit, moment,
airline, recap, afternoon
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— strong startwould like to make a bookingeed to pick

upacar...
— weak startwould like to check the ratewant to know

the rate for vans. . .
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customer 3 & O\ rates customer& B9 5,

e Discount-related phrasediscount, corporate program, mo-
tor club, buying clubk W\ > 7= EHE T 4 2 h v v FEH
& L TEHRICRERT D,

o Value selling phrasegl Fo & 9 72428 LT 5 HRESE
BERSMA T D &7 =T D RELE TN ENEE
BT D,

mentions of good ratesgood rate wonderful price

save moneyust need to pay this low amouynt .
mentions of good vehiclegiood car fantastic carlat-

est model. ..
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