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Algorithms of c-means and applications to risk analysis problems
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Clustering algorithms of c-means and competitive learning are described and two applications concerning risk
analysis are considered. Hard and fuzzy c-means algorithms are formualted as an alternate optimization problem
of a family of objective functions, while clustering using competitive learning uses a simple updating of reference
vectors. Kernelized algorithms are also mentioned. First application uses a method of fuzzy c-regression, while
second application employes a kernelized competitive learning algorithm.
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