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Autonomous task understanding and automatic construction of model based reinforcement learning process
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The traditional Reinforcement Learning(RL) supposed complex but single tasks. When the traditional RL agent
faced a task similar to learned ones, the agent must re-learn the task from the beginning because of its unuse of
learned result. In this paper, we propose a reinforced learning that can realize quick acquisition of actions for tasks
similar to previously learned ones. Ours is a model-based RL that employs task model constructed by combining
primitive local predictors for environmental dynamics prediction. To evaluate effectiveness of the proposed method,
we performed a computer simulation using a simple ping pong game and variations of it, and demonstrated very

quick adaptation to new tasks.
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