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Extracting Artist Network from World Wide Web
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Social network extraction from the Web is receiving much attention recently. This paper proposes a new algorithm
to extract social network of artists, which can effectively identify weak social relationships among artists. Four
parameters are used in the algorithm. We evaluate our method elaborately, and show the effectiveness of our
method. Our system is operated on the Web site for Yokohama triennale 2005.
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Input: all network members name
Output: relational member set for eatch member

Xa = all members name
while X,y # 0
x; < the ith member in X,y
Xa — X — {mi}
Y = all members name; Y,y -
Y=0,C1=0C2=0,C3=1
while Y, # 0
yj < the jth member in Yy,
You < Yau — {uil
if (simpson(xzi,y;) > SIM / cohit(x;, y;) > CO) [*%&{} 1%/
then C'1 < {y;}. ordered by simpson(x.y)
else if (simpson(x;, y;) > SIM v/ cohit(x;,y;) > CO) [*ZRf1 2%/
then C'2 < [y}, ordered by simpson(x,y)
else if (simpson(x;.y;) > 0/ cohit(x;. y;) > 0) J*5&f1 3%/
then €3 <« {y;}. ordered by simpson(x.y)
end
Y« C1 /f)b—b 1%/
if (Y < M)
while C2 # 0, Y| < M [*Ib—b 2%/
cop +— the kth strong relation member in C'2
Y YUyl
end
if (Y <N)
while C3# 0, Y| < N /*)L—L 3%/
¢y +— the Ith strong relation member in C'3
Y ¥V Udea)
end
end
end
end

You — {23}
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