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A Visual Rule Evaluation Tool with Active Interaction based on Interestingness Measures
— A Case Study on a Meningitis Data Mining —
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This paper presents a method to support an evaluation procedure of a data mining process with a human-system
interaction. Post-processing of mined results is one of the key issues to make a data mining process successful.
However, it is difficult for human experts to evaluate many thousands of rules from a large dataset with noises
completely. We have designed a tool to support rule evaluation procedure based on objective measures, which are
calculated to each rule to evaluate mathematically. As an active support method, we have designed a prediction
method based on rule evaluation models, which are learned from objective measure values and evaluations of a
human expert for each rule. To evaluate performances of learning algorithms of rule evaluation models, we have
done a case study with a meningitis data mining result. Then we discuss about the availability of our rule evaluation

support tool.
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a;;: 1-th and j-th value in a relation.
N: Number of attributes in the rule.
a: Constant. Default = 0.5.
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