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Development of a Classifier by Using QAR Analysis and Application to Mutagenesis Datasets
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The present association-rule-based classifier needs pre-discretization of a dataset that includes numeric at-

tributes.

In this paper, we propose a new approach based on an association-rule-based classification method

called CAEP[Dong99] and QAR mining by Monotonic INTerval[Washio04] developed in our previous work. It
can directly and completely mine significant combinations of attributes for classification from datasets consisting
of many categorical and numeric attributes and derive a classification rule set based on the combinations. The
result of our classification shows better performance than the results of conventional approaches. The application
of the method to mutagenesis datasets has been made to get knowledge that is benefit for experts in the domain
of quantitave structure-activity relationship(QSAR) analysis.
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2. CAQEP
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