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Reinforcement Learning of Walking Behavior for a Multilegged and Articulated Robot
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Reinforcement learning is a self-learning framework in which learmers automatically obtain control rules from
interactions with their environment. In this paper, T have investigate a reinforcement lerning of walking behavior
for a multilegged and articulated robot. Tt was said that the more dimentional state and action space increase, the
more difficulty increase. The experimental result show that if robot structure is simple, that is untrue, and the
difficulty depends on adecquacy of motor power for model.
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