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In the framework of competitive coevolutionary computation, Focusing refers to the ability of coevolving oppo-
nents to challenge one another by testing weak dimensions of performance. A serious issue which arises in this
context is overspecialization. This paper proposes a method of behavior-based fitness sharing to solve this issue.
We apply the method to the intransitive numbers game, and compare its performance with conventional fitness

sharing and resource sharing methods.
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