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Analysis of generation rule in function forecast from the primary protein structure based on ILP
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Genome DNA is analyzed, and being made a data base now. The data of the array of the protein is collected. It is important to clarify
the function of the protein as the next stage. The function of the protein and the protein tertiary structure have strong ties. However, the
data base is very huge. Then, the protein structure of the protein is forecast with data mining tool ILP. We analyzed rule and accuracy for
four classes (All-alpha,All-beta,alpha/beta,alphatbeta).
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