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Analysis of Hepatitis Dataset by Using DT-CIGBI
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We analyzed the hepatitis data by Decision Tree Chunkingless Graph-Based Induction (DT-CIGBI), which
constructs a decision tree for graph-structured data while simultaneously constructing attributes for classification.
An attribute at each node in the decision tree is a discriminative pattern (subgraph) in the input graph, and
extracted by Chunkingless Graph-Based Induction (Cl-GBI), which has been developed to overcome the problem
that Graph-Based Induction cannot find overlapping patterns due to the nature of chunking without backtracking.
To improve the predictive accuracy of the resulting decision tree, in this paper, we take an approach in which we
first classify a given dataset into two classes, typical patients and untypical ones, and then apply DT-CIGBI to each
class separately. Experimental results show that the proposed approach can improve the predictive accuracy and
construct a more comprehensive decision tree than one resulting from applying DT-CIGBI to the whole dataset.
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