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Conceptual expression based on clustering, and evaluation in TREC Novelty Track.

fAE i BN BE EA kiR
Yuichi Kakuta Akiyoshi Sinmura Tomohiro Takagi

IR RS B P FeR SRR e TP R

Department of Computer Science, Meiji University

Abstract: We propose conceptual fuzzy sets based modeling to express the meaning of sentences and words which vary

depending on contexts. We examined three approaches to build conceptual fuzzy sets, clustering, SVD and WordNet,

applying them to TREC 2003 Novelty Track corpus. The clustering approach resulted in 5th in the track to distinguish

relevant sentences from non-relevant ones.
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Havelange also said that there would be no change to the
schedule of the 1998 World Cup in France, which is slated
for June 10 through to July 12.
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2 metal 2 Cash 2 Cash
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1 outcome 1 Action 1. 04348 10 ten
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1 change 1 Clothing 1. 04348 12 dozen twelve
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Java coffee started from the Dutch, who planted the first

Arabica trees in Java early in coffee's history.
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3 coffee java 3 beverage drink 3. 14286 coffee java
3 beverage drink 2 Island 3 beverage drink
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2 Indiana 1. 67391 Tree 2. 04348 in inch
2 Island 1. 59184 in inch 2. 03846 Indiana
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2 Metal 1. 2867 History 2 first
1 History 1 Continuum 2 metal
1 Point 1 Past yesterday 2 History
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