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Generating autonomous mobile robot control program using genetic programming
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This paper describes an evolutional computation which gives an autonomous mobile robot skills of obstacle
avoidance and searching for the shortest route in the path planning problem. Finding the shortest route after
numbers of the generation iteration, the robot reached the goal from the starting point traveling through 24
different sized boxes, placed randomly in the simulator map. The genetic programming (GP) we applied to the
robot control is an optimum algorithm which evolves the tree structure, while the genetic algorithm (GA) evolves
a genotype of each individual by operating crossover and mutation.
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