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Several attempts have been made for Web structure mining whose goals are to discover or to rank related Web pages based

on the graph structure of hyperlinks. Discovery of Web communities, groups of related Web pages, is important for assisting

users’ information retrieval from the Web. As is the case with human communities, Web communities are not uniform and

are overlapped with one another. This makes the identification of Web communities difficult. Discovery of the centrality of

Web communities is closely related with the discovery of their boundaries. This paper proposes a method for identifying

Web communities from some positive and negative examples. Since the boundary of a Web community is hard to define only

from positive examples, negative examples are used for limiting its boundary from outer side. Experimental results show that

our new method is effective for discovering Web communities’ boundaries in some cases.
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