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In this paper, we present a comparison between selective meta-learning scheme and constructive meta-learning
scheme with common data sets. Meta-learning scheme enhances the performance of classification tasks. Selective
meta-learning scheme combines multiple base classifiers. It has done with bagging, boosting and stacking methods.
On the other hand, constructive meta-learning scheme constructs the good classifiers to a given data set. It has
done with our tool called CAMLET with a inductive method repository.

We have done the case study of a comparison of inductive applications composed by CAMLET to three stacking
methods with StatLog common data sets. As a result of this case study, CAMLET shows us as good performance
as the best stacking method, which uses the classification via linear regression for the meta-classifier.
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