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This paper proposes a unique map learning method for mobile robots based on the co-visibility information of
objects i.e., the information on whether two objects are visible at the same time or not from the current position.
This method first estimates empirical distances among the objects using a simple heuristics — “a pair of objects
observed at the same time more frequently is likely to be located more closely together”. Then it computes all
the coordinates of the objects by multidimensional scaling (MDS) technique. In the latter part of this paper, it is
shown that the proposed method is able to learn qualitatively very accurate maps though it uses only such primitive

information.
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