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This paper aims at establishing a methodological basis for analyzing source identified texts such as newspaper
stories with their reporters’ names and academic papers with their authors. We first presents a suffix-tree based
clustering method for identifying reused term sequences with their corresponding document subsets, and then show
some analytical results where the clustering scheme was applied to the actual text collections.
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Reuters 1996.8.20-1997.8.19 | Eng | 109,433 1,338,735 | 2644 sec. | 330 (24.5)

SIM 1991.1.1 -1991.12.31 | Eng 72,947 320,457 595 sec. 361 (30.1)

Mainichi | 1998.1.1 -1998.12.31 | Jpn | 10,855 111,406 | 78sec. | 394 (33.6)

Nikkei 1996.1.1 -1996.12.31 Jpn 911 19,745 10 sec. 274 (27.5)

ntc-1PSJ | 1988.5.19-1997.7.25 | Jpn | 26,796 226,640 | 99 sec. | 420 (32.4)

ntc-JSCE | 1991.9.17-1996.9.17 | Jpn | 21,259 180,538 | 70sec. | 434 (35.3)
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