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Time-series Analysis of Sequential Data using ILP
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The most important point of treating medical data is that it contains time-series data with irregularities. Since
Inductive Logic Programming (ILP) has more expressive representation than propositional logic, we propose to
handle this kind of data employing ILP system. Experimental results show that ILP system is suitable to acquire

time-series knowledge from medical data.
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GOT N<= 40 <H<= 100 <VH<= 200 < UH
GPT N<= 40 <H<= 100 <VH<= 200 < UH
TTT N <= 5 <H<= 10 <VH<= 15 < UH
ZTT N <= 12 < H <= 24 < VH <= 36 < UH
T-BIL N<= 12 <H<= 24 <VH<= 36 <UH
ALB VL <= 3 <L<= 39 <N<= 51 <Hx= 6 < VH
TP VL<= 55 <L<= 65 <N<= 82 <H<= 92 <VH
T-CHO | VL<= 90 <L<= 125 <N<= 220 <H<= 255 < VH
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VL = verylow :1
L = low 12
N = normal : 3
H = high 14
VH = wvery high :5
UH = ultrahigh :6
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ifn_effect (A)
move (A,55,52,gpt,B,C), move(A,55,52,t_bil,D,D),
relation(B,>,D).

ifn_effect(A)
move(A,2,1,got,B,B), move(A,6,5,g0t,C,C),
move(A,12,9,got,D,C), relation(D,>,B).

ifn_effect(A)
move(A,2,1,got,B,C), move(A,2,1,g0t,B,B),
move(A,6,5,got,D,D), relation(B,>,C).
ifn_effect(A) :-
move(A,2,1,got,B,B), move(A,2,1,g0t,C,B),
relation(C,>,B).
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0 ifn_effect(id71).
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