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Relation of User’s Gender and Emotion Expression Tendency
—Relation analysis with use tendency of slang expression—
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In this study, we analyze the relation between emotion expressions of the Twitter users and their genders to
realize emotion estimation adaptive to the user’s gender. We train a model to generate distributed representations
of sentences from a corpus divided according to gender. We train the features extracted with this model by using a
neural network to construct an emotion estimator. The model constructed with our proposed method can estimate
emotion with higher accuracy compared to the model without considering a gender. We also focus on slang and
emoji as being related to emotion and analyzed their use tendencies to examine the difference between males and

females.
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