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Proposing automated region extraction techniques from image data.
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Image data is widely used for web based services but few service uses effectively. To implement service, not only
detecting the object but also extracting the object are important because information on object is more worthful. Many
research focused on object detection in foreground but there is also worthful information in background. In this paper,we
propose automated region extract process based on GMM and EM algorithm. Specifically we focused not on specific object
such as human or car in foreground area but specific object such as floor or wall in background area. As an experimental data
set, we use the image data of SUUMO, the largest housing information site. The proposed approach achieves high precision
for detecting wood floors.
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A 0.451 0.533 0.322 0.375
B 0.407 0.520 0.357 0.380
C 0.407 0.453 0.357 0.380
D 0.647 0.647 0.567 0.604
E 0.367 0.473 0.322 0.343
B,C 0.615 0.725 0.327 0.427
B,C,D 0.733 0.740 0.643 0.685
A,B,CD,E 0.800 0.800 0.468 0.590
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