The 30th Annual Conference of the Japanese Society for Artificial Intelligence, 2016

4B4-5
facet-biased b Y 7 €T ““}l/KEE?‘ERFE‘HL'?”%H%LW:::L—X%%@
ﬁ,\

Classification of news article by using facet-biased topic model and distance metric learning
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Nowadays, we can access varieties of news articles from different news sites. However, due to the large numbers
of accessible news articles, news aggregation sites or recommendation sites that classify news articles are used

for finding out interesting ones.

In this paper, we propose a framework to classify news articles based on the

facet-biased topic model and distance metric learning. Facet-biased topic model is an extension of topic model
that construct topics for particular facets in addition to the ordinal general topics. Distance metric constructed by
this topic model is modified by using Large Margin Nearest Neighbor; distance metric learning method for k-NN
classification. The perfomance of the proposed framework is evaluated by using the crawled data from Yahoo!
News and confirmed effectiveness of facet-biased topic model and distance metric learning.
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