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Automatic Group Structure for Latent Group Regularized Learning
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Structurally-regularized learning has recently studied actively in high-dimensional settings because it results in
sparse models and it could yield interpretable models than non-structurelly regularized learning methods, such as
Lasso. In almost all existing structurally regularized learning, we need prior knowledge about structure in model
parameters. In this paper, we develop a probabilistic model for estimating group structures for latent group Lasso,
and a greedy optimization algorithm for this problem. We empirically show that group structures can be recovered

when the data are generated from the model.
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