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Construction of deep learning system using neural pulse signal and synaptic metaplasticity
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Spiking neural network is artificial neural network using neural pulse signals. Spiking neural network requires
less circuit elements and less energy than traditional artificial neural network. To determine parameters, trained
deep neural network is often converted into spiking neural network. However, it is difficult to make the dynamics of
spiking neural network to resemble to that of artificial neural network. Moreover, no efficient learning algorithm of
spiking neural network has been established. In this study, we present a new learning algorithm of spiking neural
network using spike timing dependent plasticity and metaplasticity.
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