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The recommend system is used for suggesting the knowledge which satisfy with the user requirements. Although
a number of the application to on-line event data have reported, a few approaches has been proposed for the
real-world event data. The real-world event data contain the rich attributes for each event, e.g. the time, the place
and the personal difference, but the existing algorithms of a recommend system are not suitable for considering
this information in the recommendation process. This paper presents the recommend method for the real-world
event data and our application that uses the digital signage system.
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