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Relationships between Features and Story Description in Comics
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Automatic analysis and creation of intellectual products such as comics is one of the important topic in the field
of artificial intelligence. However, it is difficult to understand comics by basic computer vision techniques because
they have emotional stories drawn by complex representation. In this study, features of comics are classified and
discussed what features are important. To confirm the effectiveness of proposed method, computer simulations are
carried out taking data of four-scene comics as examples.
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