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Stochastic Variational Inference for Big Scale Switching Linear Dynamical System
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Switching Linear Dynamical System is usefull for analyzing complex time series data, but the inference with
large scale datasets is really tough. Stochastic Variational Inference is new approach for approximating model
parameters with using minibatches of small size.There is no other method for inferring big scale Switching Linear
Dynamical System so we apply Stochastic Variational Inference to the model and we show the experimental result

with artificial data.
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